Quantitatively evaluating the spatiotemporal variation of soil moisture (SM) and its causes can help us to understand regional eco-hydrological processes. However, the complicated geographical environment and the scarce observation data make it difficult to evaluate SM in Northwest China. Selecting the Tarim River Basin (TRB) as a typical representative of the data-scarce area in Northwest China, we conducted an integrated approach to quantitatively assess the spatiotemporal variation of shallow soil moisture (SSM) and its responses to climate change by gathering the earth system data product. Results show that the low-value of SSM distributes in Taklamakan Desert while the high-value basically distributes in the Pamirs and the southern foothill of Tianshan Mountains, where the land types are mostly forest, grassland, and farmland. Annual average SSM of these three land types present a significant increasing trend during the study period. SM at 0-10 cm of all land types are positively correlated to precipitation in spring and autumn, and SM at 0-10 cm in the forest, grassland, and farmland are positively correlated with temperature in winter. SSM presents in-phase relation with precipitation whereas it presents anti-phase relation with temperature, with the significant resonance periods about 6-8 years and 2-3 years which mainly distribute from 1970s to early 1990s and 1960s respectively. The time lags of SSM relative to temperature change are longer than its lags relative to precipitation change, and the lags vary from different land types.
Introduction
SM is an essential eco-hydrological factor, which contributes to the exchange of water and energy between earth's surface and the atmosphere [1, 2] . It accumulates the most information of the surface hydrological processes and changes the energy exchange between land-atmosphere by affecting the surface Alberto, the growth of vegetation, and evaporation [3] . SM is an essential factor affecting climate change and an important indicator reflecting the changes in surface hydrology [4] . Researchers have found that seasonal anomalies in soil moisture have a1111111111 a1111111111 a1111111111 a1111111111 a1111111111 vital influence on the seasonal variation of atmospheric circulation [5] . The effect of soil moisture on climate change even exceeds the effect of sea surface temperature in the circumstance of land [1] . For a specific region, the spatiotemporal variation of SM is mainly influenced by the climate change, hydrological cycle, and surface ecosystem. Moreover, SSM is an indicator of eco-hydrological processes and regional climate change. It is mainly affected by temperature, precipitation, sunlight, evaporation, and surface vegetation [6, 7] . Scholars have studied the change trend of SM and its relationship with atmospheric circulation, climate change, and NDVI. Precipitation and temperature are the two most important meteorological factors affecting the change of SM. [8] [9] [10] [11] . However, there have relatively fewer researches about the spatiotemporal variation of SM and its response to the climate change under different land types, especially in Northwest China, a typical arid and semi-arid area in the continental interiors.
Climate of Northwest China is gradually becoming warmer and wetter with the global warming [12] [13] [14] [15] . Under the impacts of regional and global climate variation, how does the SSM of different land types change? What is the spatiotemporal variation pattern of SSM? How does it respond to the climate change? It is not easy to reply to these questions thoroughly. It is difficult to answer these questions because of the complex geographic environment and scarce observation data in Northwest China.
We gathered the earth system data product to solve the problem of lacking observation data, including the SM data and the grid data of precipitation and temperature. The Global Land Data Assimilation System (GLDAS) combines satellite and surface-based meteorological observation data to provide reliable data for the research of SM [16, 17] . The GLDAS outputs exist estimated deviations and limitations and can hardly avoid the uncertainties of parameters and the atmospheric driving data, which will make influences on the research results [18] [19] [20] [21] . However, there still have some studies acknowledged the availability of this dataset. Researchers used GLDAS data to conduct a lot of studies, which confirms the reliability of this dataset [22, 23] . The evaluation of soil data and temperature data of GLDAS reveal that this dataset has good reliability [24] . GRACE and GLDAS data was used to investigate the variation of terrestrial water storage in the Tianshan Mountains and its surrounding regions, the results indicated that GLDAS data have a good consistency and linear relationship with GRACE data [25] . In particular, SM data of GLDAS show good correlation and consistency with observation data, which is consistent with many studies [26] [27] [28] .
To understand the spatiotemporal variation of SSM and its relationship with precipitation and temperature under different land types in Northwest China, we selected the TRB as a typical representative of the data-scarce area in Northwest China (Fig 1) . Based on the SM data of GLDAS and the monthly grid data of precipitation and temperature in China to investigate the spatiotemporal variation of SSM and its relationship with precipitation and temperature under different land types from 1961 to 2010 by using the Mann-Kendall trend test, Pearson correlation coefficient and the cross wavelet transform. Soil thickness not only reflects soil development, but also affects soil nutrients, water migration, and the growth of plant root. The average soil thickness in Xinjiang is about 68.9 cm [29] . Research indicated that the soil thickness of the Hapli-Gelic Camboso [30] in the Qilian country, Qinghai Province is about 48 cm [31] . Considering the mountainous with high altitude in the TRB where distributed frozen soil, we took the soil thickness of 48 cm as the reference for the study of SSM. GLDAS SM consists of four layers of 0-10 cm, 10-40 cm, 40-100 cm, 100-200 cm. Therefore, we selected the first two layers of GLDAS SM to investigate the variation of SSM in the TRB. In the following work, we defined the soil depth of 0-40 cm as the shallow soil layer, which means that the SSM refers the SM in the layer with the depth of 0-40 cm.
Materials and methods

Materials
To investigate the spatiotemporal variation of SSM in the TRB, we used the monthly data of SM during the period from 1961 to 2010 with a spatial resolution of 0.25˚×0.25˚, which are obtained from the GLDAS-NOAH-2.0 dataset (https://hydro1.gesdisc.eosdis.nasa.gov/data/ GLDAS/GLDAS_NOAH025_M.2.0/). The GLDAS SM data include four layers (i.e. 0-10 cm, 10-40 cm, 40-100 cm, and 100-200 cm). As defined above, the SSM refers the SM in the layer with depth of 0-40 cm, so we only used the data of two layers (i.e. the 0-10 cm and 10-40 cm). To evaluate the availability of GLDAS SM data, we used observation data of relative SM from 1992 to 2010, which were downloaded from China Meteorological Administration (http:// data.cma.cn). The observation depth includes 10 cm, 20 cm, 50 cm, 70 cm, and 100 cm. In this research, we selected the 10 cm and 50 cm observation data to evaluate the GLDAS SM data at 0-10 cm and 10-40 cm. The distribution of observation stations is mapped in the Fig 1. In order to show the response of SSM to climate change, we also used the monthly grid data of precipitation and temperature with the spatial resolution of 0.5˚×0.5˚in the same period, which are a subset of the grid dataset of ground surface precipitation and temperature gathered from the China Meteorological Administration (http://data.cma.cn).
To make sure the same spatial resolution with 0.25˚×0.25˚as the SM data, the precipitation and temperature data were resampled by using the bilinear interpolation method, and then use the grid points of SM data that within the areas of each land type to extract the values of precipitation and temperature. The GTOPO30 DEM (about 1 kilometer) is downloaded from USGS (https://earthexplorer.usgs.gov).
Methods
This research used The Mann-Kendall test to examine the change trend of SSM and also used the Pearson correlation coefficient and cross wavelet transform to explore the relationship and time lags of SSM relative to the variation of precipitation and temperature.
Mann-Kendall test. The Mann-Kendall test was used to detect the trend in the interannual and seasonal variation of SSM in the TRB. The Mann-Kendall test is a non-parametric testing method, which is widely used to investigate the significance of the trend in climatic and hydrological time series [41, 42] . For a time series Xt = (x 1 ,x 2 ,� � �,x n ), the statistic S of the Mann-Kendall test is expressed as follows [43] :
where, X k and X i are the annual values in years k and i respectively, n is the length of the data sample, sgn is symbolic function:
when the length of data sample greater than or equal to 8, the statistic S is close to a normal distribution, its average value is zero, and the variance is:
where t i is the number of the i-th group data. The standardized statistic Z c is expressed as follows:
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the Z c value is a trending statistic. If the Z c is positive, it indicates that the tested sequence shows an increasing trend, and the negative value indicates a decreasing trend. If the absolute value of the Z c is greater than 1.64 (the 95% confidence level), indicating that the trend of the sequence is significant. β represents the slope, which is commonly used to measure the magnitude and direction of the trend. The positive value represents rises and the negative value represents decline, the formula is:
Pearson correlation coefficient. We used Pearson correlation coefficient to measure the correlation of SSM with precipitation and temperature in the corresponding periods. For the data series x 1 ,x 2 ,� � �x n and y 1 ,y 2 ,� � �y n of the two variables X and Y, the formula is as follows [44] : Cross wavelet transform. Cross wavelet transform (XWT) method effectively combines wavelet transform [45] and cross spectrum analysis, which can investigate the correlation of two time series in time-frequency domain from multiple time scales [46, 47] .
We used the XWT method to investigate the multi-scale correlation of SSM with precipitation and temperature, as well as the time lags of SSM to the variation of precipitation and temperature.
The XWT of the two series X and Y are W X (S) and W Y (S), respectively, then the XWT can be defined as:
(s) and s is a time delay. The corresponding wavelet power spectral density is |W n XY (s)|. This value becomes larger means the more significant correlation between the two time series, and reflects both have a common highenergy. Significant test of continuous cross wavelet power spectrum, usually using the red noise standard spectrum [46, 48] .
Results and discussion
The evaluation of availability for GLDAS SM data
To further evaluate the availability of GLDAS SM data in the TRB, we calculated the correlation coefficients of GLDAS SM data and observation data ( Table 1) . We selected the 10 cm and 50 cm observation data to evaluate the GLDAS SM data at 0-10 cm and 10-40 cm. The results of evaluation indicate that the GLDAS SM data present a relatively good correlation with observation data, which means the GLDAS SM data can reflect the temporal variations of SM and are applicable in the TRB. The results are consistent with the research of the assessment of SM data over China that GLDAS SM data have relatively good correlation with observation data and can better describe the seasonal and interannual variations of SM [28] .
The spatial patterns of SSM
The SSM at 0-10cm and 10-40cm in the TRB are mapped to show their spatial patterns. We can see that the spatial distribution of SM at 0-10 cm (Fig 2A) and 10-40 cm (Fig 2B) in the TRB is basically consistent during the study period. The low-value of SSM distributes in the central regions while the high-value distributes in the Pamirs and the southern foothill of Tianshan Mountains with high altitude, and the land types are mainly forest, grassland, and farmland. These regions have relatively abundant precipitation, high vegetation cover, and relatively strong water storage capacity. The low-value of SSM mainly distributes in the Taklimakan Desert, with scarce precipitation, large amount evaporation, and strong water permeability.
The interannual and seasonal variation of SSM
As can be seen from the Fig 3, annual average SM at 0-10 cm in the farmland of the TRB is considerably higher than that in other land types. Annual average SM at 0-10 cm in the forest only has small differences with the grassland, and annual average SM at 0-10 cm in the desert is the lowest among all land types (Fig 3A) . Additionally, the differences of annual average SM at 10-40 cm between the farmland and grassland are relatively small, and annual average SM at 10-40 cm in the farmland and grassland are considerably higher than other land types. Similarly, annual average SM at 10-40 cm in the desert is the lowest among all land types ( Fig 3B) . As shown in the Figs 4 and 5, SM at 0-10 cm in the farmland is higher than that in other land types in the spring, summer, autumn, and winter. The seasonal differences of SM in the forest and grassland are relatively small. SM at 0-10 cm in the desert is the lowest. Besides, SM at 10-40 cm in the farmland and grassland has quite small differences, and both are significantly higher than that in other land types. SM at 10-40 cm in the desert is the lowest. SSM of the farmland in spring and summer are higher than that in other seasons, which are probably influenced by the agricultural irrigation and relatively rich precipitation in summer. The growth of spring wheat requires relatively abundant water, the experiment of the effect of Irrigation on the SM of spring wheat indicated that irrigation has obvious effect on SM [49] . Additionally, SSM in the forest, grassland, and desert are commonly highest in the summer. The main reason probably is that precipitation is the principal source of SSM [50] , and precipitation is relatively abundant in summer.
The change trend of SSM
The Mann-Kendall test is conducted to examine the change trend of SSM during the study period. The results are shown in Table 2 (under the confidence level of 0.05), it can be seen that the interannual variation of SSM in the forest, grassland, and farmland all present a significant increasing trend. For the seasonal variation, SM at 0-10 cm in the forest, grassland, and farmland show a significant increasing trend in the spring, summer, autumn, and winter, which are especially greater in the spring and winter. In addition, SM at 10-40 cm in the forest, grassland, farmland, and desert commonly present a significant upward trend in the spring, summer, autumn, and winter, which are especially greater in the summer. Studies indicate that the precipitation and temperature in the study area has a significant increasing trend Understanding shallow soil moisture variation in the data-scarce area and its relationship with climate change during past several decades [51] . Precipitation is one important source of SSM [50] , and the increases of temperature will cause the thawing of frozen soil and snow, which are another important source of SSM. So that the increases of SSM in the TRB are closely related to the climatic warming and wetting trend.
The simultaneous correlation of SSM with precipitation and temperature
Precipitation and temperature are often considered as the principal climatic factors that can affect the variation of SM in relevant studies [52] [53] [54] . In the following work, we mainly discuss the correlation of SSM with precipitation and temperature in the TRB.
The results of Pearson correlation coefficient are shown in Table 3 . At the confidence level of 0.05, SM at 0-10 cm in the forest, grassland and desert all have a positive correlation with precipitation in spring, summer, and autumn during the same periods. Due to the relatively abundant precipitation and the relatively small evaporation in autumn, SM at 0-10 cm in the forest and grassland are positively correlated with precipitation in autumn, with the correlation coefficients of 0.5546 and 0.6664, respectively. SM at 0-10 cm in the farmland is positively correlated with precipitation in spring, autumn and winter, and its correlations are more significant in autumn, with a correlation coefficient of 0.6362. However, SM at 0-10 cm in the farmland has no obvious correlation with precipitation in summer. In addition, SM at 0-10 cm in the desert presents a positive correlation with precipitation in spring, summer, and autumn over the same periods, with correlation coefficients of 0.4688, 0.4740, and 0.3781, respectively. It is mainly for the reasons that the impact of precipitation on SSM in the desert is more direct and the increases of precipitation will affect the variation of SSM. The snowmelt in the spring will gradually gather in the middle area due to the terrain, which will make SSM increase to some extent.
SM at 10-40 cm in the forest, grassland and farmland have a significant positive correlation with precipitation in autumn during the corresponding periods, with the correlation coefficients of 0.4134, 0.3086, and 0.4741, respectively (Table 3 ). We can illustrate that SSM in the TRB has relatively significant positive correlation with precipitation in autumn during the corresponding periods. However, the correlation between precipitation and SM at 10-40 cm in the desert is quite weak. In the Taklimakan Desert, the average annual precipitation is only about 50 mm, but its average evaporation is as high as approximately 1200 mm [55] , which convert most precipitation to water vapor before it seeps into the deeper soil layers.
SM at 0-10 cm in the forest, grassland and farmland have a significant positive correlation with temperature in winter during the corresponding periods, with the correlation coefficients of 0.3932, 0.3976 and 0.5079, respectively ( Table 3 ). The main reason is that the higher or lower temperature in winter influences the soil frozen status and hydro-thermal regime [50, 56] . However, the correlation between temperature and SM at 0-10 cm in the desert is unobvious. Moreover, SM at 0-10 cm in the farmland is negatively correlated with temperature in summer. For the reason of high temperature will result in the increases of potential evaporation which will reduce SSM. Understanding shallow soil moisture variation in the data-scarce area and its relationship with climate change For the simultaneous correlation between temperature and SM of 10-40 cm layer, only SM at 10-40 cm in the forest has a significant positive correlation with temperature in winter during the same periods. Comparing with the other land types, forest mainly distributes in the southern foothill of Tianshan Mountains and near the river, the influence of temperature change on the sunny slope and the river ice is relatively greater.
The relationships between SM, precipitation and temperature are quite different from the research in Eastern China [8] . The SM in Eastern China of different depths (0-200 cm) is positively correlated with precipitation in spring, summer and autumn. While the SM at 10-40 cm in the TRB is weakly correlated with precipitation. Moreover, the SM at 0-10 cm and 10-40 cm of Eastern China is negatively correlated with temperature in winter. However, the SM at 0-10 cm and 10-40 cm in the TRB is positively correlated with the temperature in winter.
From the results of Pearson correlation coefficient, we can find that SM at 0-10 cm of all land types is positively correlated to precipitation in spring and autumn, and SM at 0-10 cm in the forest, grassland, and farmland is positively correlated with temperature in winter.
Multi-scale correlation and time lags
The XWT of precipitation and SSM is mapped in Figs 6 and 7 and Table 4 . We notice that SM at 0-10 cm in the desert and precipitation was in-phase with significant common power of 6-8 year band from 1979 to1990. This in-phase relationship indicates that SM will increase with the increases of precipitation and decrease with the decreases of precipitation. Similarly, SM at 0-10 cm in the forest and farmland mainly presented an in-phase relationship with precipitation. However, SM at 0-10 cm in the grassland presents a significant in-phase relationship with precipitation from 1995 to 2001 (Fig 6) . Moreover, SM at 10-40 cm in the desert, forest, and farmland has a significant in-phase relationship with precipitation. SM at 10-40 cm in the grassland has an in-phase relationship with precipitation from 1995-2001 (Fig 7) . In the TRB, the principal resonant periods of precipitation and SSM in the desert, forest, and farmland are about 6-8 year, with an in-phase relation. The significant main resonant periods of precipitation and SSM in the grassland are about 2-3 years.
The XWT of temperature and SSM in the TRB is mapped in Figs 8 and 9 . SM at 0-10 cm in the desert has a significant anti-phase relationship with temperature from 1961 to 1969 (Fig 8) . This anti-phase relationship indicates that the SM will decrease with the increases of temperature and it will increase with the decreases of temperature. SM at 0-10 cm in the forest, grassland, and farmland all present an anti-phase relationship with temperature. In addition, SM at 10-40 cm in the desert, forest grassland, and farmland have an anti-phase relationship with temperature (Fig 9) . We can find that the principal resonant periods of temperature and SSM in the TRB are about 2-3 year, with the anti-phase relation (Table 4) . Note: PRE�0-10 presents the cross wavelet transform between annual average SM of 0-10 cm layer and auunal average precipitation, PRE�10-40 presents the cross wavelet transform between annual average SM of 10-40 cm layer and annual average precipitation. TEM�0-10 presents the cross wavelet transform between annual average SM of 0-10 cm layer and annual average temperature, TEM�10-40 presents the cross wavelet transform between annual average SM of 0-10 cm layer and annual average temperature.
The phase angle of XWT can figure out the time lags between tow time series. As can be seen from Table 4 , SSM of the different land types have different time lags compared with the variation of precipitation and temperature. The time lags of the SSM relative to the temperature change is significantly longer than its time lags relative to the precipitation change, and the time lags vary from different land types. SM at 0-10 cm and 10-40 cm show different time lags compared with the precipitation change, with the lags of about 0.28d-0.87d and 0.07-0.35d, respectively. SM at 0-10 cm and 10-40 cm also present different time lags compared with the temperature change, with the lags of about 1.78d-3.01d and 1.30d-3.16d, respectively. The variation of SSM in the TRB is closely related to climate change. Precipitation is a principal and direct sources of SSM, which means the impact of precipitation on the variation of SSM is more direct. However, temperature affects the change of SM by affecting the soil freeze-thaw process and the evaporation of the surface soil layer [57] [58] [59] . Therefore, the time lags of SSM relative to temperature changes are longer than its time lags relative to precipitation change. The results of XWT reveal that the significant correlation between precipitation and SSM mainly distributes in the periods from the 1970s to the early 1990s, and the significant correlation between temperature and SSM mainly distributes in the periods about the 1960s. It is basically consistent with the researches about the variation of drought and waterlogging. The drought of the TRB presented serious in the 1960s, and the transition periods from drought to waterlogging were about the 1970s to the 1980s, while the drought conditions significantly declined in the mid-to-late 1980s [60, 61] .
The main results of the XWT show that there is a relatively strong link between precipitation and SSM, and it is mainly the in-phase relation, while temperature and SSM is mainly the anti-phase relation, and the link is relatively weak. The in-phase relationship indicates that SM will increase with the increases of precipitation and decrease with the decreases of precipitation, and the anti-phase relationship indicates that the SM will decrease with the increases in temperature and it will increase with the decreases of temperature. We can find that the variation of SSM in the TRB is more influenced by precipitation, and temperature is less effective in affecting of SSM change [10] . The time lags of SSM to temperature changes are longer than its time lags relative to precipitation, and the lags vary from different land types, which are different from previous researches [8, 10, 18, 50] .
Conclusion
We investigated the spatiotemporal variation of SSM in different land types and its responses to the climate change in the TRB based on the GLDAS SM data and the grid data of precipitation and temperature in China. This research used the Mann-Kendall test to examine the change trend of SSM, and also used the Pearson correlation coefficient and cross wavelet transform to explore the relationship and time lags of SSM relative to the variation of precipitation and temperature. The main conclusions are as follows: (1) the low-value of SSM distributes in the Taklamakan Desert, whereas the high-value of SSM mainly distributes in Pamirs and the southern foothill of Tianshan Mountains, where the land types are mainly forest, grassland, and farmland. (2) Annual average SSM and seasonal SSM of the forest, grassland, and farmland all present a significant increasing trend during the study period. (3) SM at 0-10 cm of all land types are positively correlated to precipitation in spring and autumn, and SM at 0-10 cm in the forest, grassland, and farmland are positively correlated with temperature in winter. (4) SSM presents in-phase relation with precipitation whereas it presents anti-phase relation with temperature, with the significant resonance periods, with the periods about 6-8 years and 2-3 years respectively. (5) The significantly related periods of SSM and precipitation are mainly from1970s to early 1990s, and its significantly related periods with temperature are mainly around 1960s. (6) The time lags of SSM relative to temperature change are longer than its time lags relative to precipitation change, and it varies from different land types. 
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